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ABSTRACT By using the research methods of transplant and reference, this article expounds the similarities of interests
and ways of thinking and speaking among users who have similar usage of tags from the perspective of cognitive psychology
and cognitive linguistics; it describes then the method of knowledge topic network construction and discusses finally the
Web knowledge push model based on knowledge topic network. The experimental results support the theory and method
proposed in this paper. However, the coverage of the Web knowledge push model is relatively narrow due to the influence
of the tag usage amount with Power Law degree distribution, which needs further research in the future. 7 figs. 17 refs.
KEY WORDS Knowledge topic network. ~ Web knowledge push.
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