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ABSTRACT CRF ( Conditional Random Fields) model is a state — of — the — art sequence labeling method. The CRF
model can use the features of documents more sufficiently and effectively. At the same time, keywords extraction can be
considered as the string labeling. Keywords extraction model based on CRF is proposed and implemented. Experimental

results show that the CRF model outperforms other machine learning methods such as support vector machine, multiple

linear regression model etc. in the task of keywords extraction. 1 fig. 3 tabs. 32 refs.
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