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ABSTRACT

Generative Al and GPT-type technical applications are popular all over the world. A knowledge innovation
affecting the whole society is taking place, and a new technological revolution is open and deserves close
attention from various industries, especially the information management and communication industry. In
this paper, the impacts of generative Al, LLM, and GPT on information management and communication are
discussed in a logical synthesis. It is pointed out that generative Al and GPT-type technical applications are
having a subversive impact on information management and communication through smart office, automatic
summarization, automatic summary and automatic report, machine translation, and media revolution.

This paper argues that the impacts of the progress of Al on information management and communication
are as follows: 1) in the aspect of natural language processing, natural language can be understood and
generated more accurately through the use of large language models, thus greatly improving the efficiency of
intelligent information processing; 2) in the aspect of multi-modal intelligent processing, it can process a
variety of data types, making information processing more rich and three-dimensional; 3) on the basis of the

above, more sophisticated neural network algorithms can be used to realize more advanced intelligent
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information processing. And GPT-type technical applications will reshape the information management and
communication business: 1) intelligent reference service will appear, which will become a part of the new
smart library model; 2) natural language interaction can be realized, making the management and
communication of cross-language information more convenient and efficient; 3) change knowledge ecology
through multi-modal information processing; 4) knowledge integration and generation can be realized to
promote the evolution of application towards creative knowledge.

This paper also points out that generative Al and GPT-type technical applications have data deviation
issues, transparency issues, privacy issues, malicious use issues, etc. It is suggested that the advancement of
Al and the development of GPT are transforming information management and communication, and are

reshaping information management and communication, which deserves great attention from the academic

and industry circles. 1 fig. 1 tab. 35 refs.
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